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A Dynam ic Identiflication ™M odel
of Aeroengne Starting Process Based on the RBF Network
JANG Teo;- L I Ying-hong
[A ir Force Engineering U niversity, Xi'an 710038, Ching
Abstract: In the processof engine start, the airflov of every section is in subcritical condi-
tion It’ shard to construct amodelw ith traditional thermodynam icsmethods A dynanm ic identifi-
cation model is set up-in thispagper based on Radial Basis Function network using ground test data

as learning samples The smulation results show the model has good dynam ic performance and
high accuracy, and opensa nev way to building themodel of engine at low eed
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